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Structural Relational Reasoning of Point Clouds, CVPR, 2019

e Spherical Fractal Convolution Neural Networks for Point Cloud Recognition, CVPR, 2019
* Conditional Single-view Shape Generation for Multi-view Stereo Reconstruction, CVPR,
2019

* Deep Fitting Degree Scoring Network for Monocular 3D Object Detection, CVPR, 2019
* Global-Local Bidirectional Reasoning for Unsupervised Representation Learning of 3D

Point Clouds, CVPR, 2020
* Reinforced Axial Refinement Network for Monocular 3D Object Detection, ECCV, 2020
* Rotation-robust Intersection over Union for 3D Object Detection, ECCV, 2020
* Structural Deep Metric Learning for Room Layout Estimation, ECCV, 2020

* Spatial Geometric Reasoning for Room Layout Estimation via Deep Reinforcement

Learning, ECCV, 2020 5
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[1] Yueqi Duan, Yu Zheng, Jiwen Lu, Jie Zhou, and Qi Tian, Structural Relational Reasoning of Point Clouds,

CVPR, pp. 949-958, 2019.
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[2] Yongming Rao, Jiwen Lu, and Jie Zhou, Spherical Fractal Convolutional Neural Networks for Point
Cloud Recognition, CVPR, pp. 452-460, 2019. 7



LEES

I'singhua University

28 J
Local-to-Global " \-
Reasoning .
52
o

x Global-to-Local
» .
Reasoning

airliner <0017

[3] Yongming Rao, Jiwen Lu, and Jie Zhou, Global-Local Bidirectional Reasoning for Unsupervised
Representation Learning of 3D Point Clouds, CVPR, pp. 5376-5385, 2020. 8
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[4] Shaohui Liu, Yi Wei, Wang Zhao, and Jiwen Lu, Conditional Single-view Shape Generation for
Multi-view Stereo Reconstruction, CVPR, pp. 9651-9660, 2019. 9



[5] Lijie Liu, Jiwen Lu, Chunjing Xu, Qi Tian, and Jie Zhou, Deep Fitting Degree Scoring Network for
Monocular 3D Object Detection, CVPR, pp. 1057-1066, 2019. AL
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[6] Lijie Liu, Chufan Wu, Jiwen Lu, Lingxi Xie, Jie Zhou, and Qi Tian, Reinforced Axial Refinement Network
for Monocular 3D Object Detection, ECCV, 2020, accepted.
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[7] Yu Zheng, Danyang Zhang, Sinan Xie, Jiwen Lu, and Jie Zhou, Rotation-robust Intersection over
Union for 3D Object Detection, ECCV, 2020, accepted. 12
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[8] Liangliang Ren, Yangyang Song, Jiwen Lu, and Jie Zhou, Spatial Geometric Reasoning for Room Layout
Estimation via Deep Reinforcement Learning, ECCV, 2020, accepted.
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[9] Wenzhao Zheng, Jiwen Lu, and Jie Zhou, Structural Deep Metric Learning for Room Layout Estimation,

ECCV, 2020, accepted.
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Runtime Neural Pruning, NeurlPS, 2017

e Learning Channel-wise Interactions for Binary Convolutional Neural Networks, CVPR,
2019
* Enhanced Bayesian Compression via Deep Reinforcement Learning, CVPR, 2019

e BiDet: An Efficient Binarized Object Detector, CVPR, 2020

 MetaDistiller: Network Self-boosting via Meta-learned Top-down Distillation, ECCV,
2020

* Runtime Network Routing for Efficient Image Classification, PAMI, 2019

* Learning Channel-wise Interactions for Binary Convolutional Neural Networks, PAMI,

2020

17
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[10] Ji Lin, Yongming Rao, Jiwen Lu, and Jie Zhou, Runtime Neural Pruning, NeurlPS, pp. 2181-2191,
2017. 18



ﬁ?k, =

~

EATHSHERN PATE F‘ifii}i/ﬁ

1
1
1
1
|
= 7 ”
4
¢y cat
/______/l \~—,
7z s 1 I
,’ e «
7’ 1
/, !
7’ 1
1
1
1

| ~
— i
i network 2

[11] Yongming Rao, Jiwen Lu, Ji Lin, and Jie Zhou, Runtime Network Routing for Efficient Image Classification,
IEEE Trans. on Pattern Analysis and Machine Intelligence, vol. 41, no. 10, pp. 2291-2304, 2019.



[12] Xin Yuan, Liangliang Ren, Jiwen Lu, and Jie Zhou, Enhanced Bayesian Compression via Deep
Reinforcement Learning, CVPR, pp. 6946-6955, 2019. 0
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[13] Ziwei Wang, Jiwen Lu, Chenxin Tao, Jie Zhou, and Qi Tian, Learning Channel-wise Interactions for

Binary Convolutional Neural Networks, CVPR, pp. 568-577, 2019.
21
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[14] Ziwei Wang, Jiwen Lu, and Jie Zhou, Learning Channel-wise Interactions for Binary Convolutional
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Neural Networks, IEEE Trans. on Pattern Analysis and Machine Intelligence, 2020, accepted.
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[15] Ziwei Wang, Ziyi Wu, Jiwen Lu, and Jie Zhou, BiDet: An Efficient Binarized Object Detector, CVPR,

pp. 2049-2058, 2020.
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