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(Location & Orientation?)

r.}c ation e?}

(Location & Glasses?)

(Occlusion?)

Mouth
(Occlusion?)

i .

(Occlusion?)

(a) Definition of facial attributes for annotation
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(1-2 regions)

Left- front Frontal

Right-front

Weak
Occlusion

Medum
Occlusion
(3 regions)

Heavy
Occlusion

(b) Representative facial images with different attributes

Detecting Masked Faces in the Wild with LLE-CNNs. In CVPR 2017
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Table 1. Average Precision (%) on the Testing Set of MAFA
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Atbues SURF NPD ZR HH HPM MT OUR|
(18] [20] [37] [22] (71 [35]
Left 0.02 1.01 502 791 129 6.89 17.2| 9.29
Left-Fr. 2.17 4.37 293 285 266 319 61.7| 29.8
Front 19.7 169 455 51.6 644 622 79.6| 15.2
Right-Fr. 1.93 234 13.8 204 18.9 202 545| 34.1
Right 0.02 023 1.34 543 093 194 14.3| 8.87
Weak 18.1 S5.87 37.1 477 585 562 THa| 173
Medium 12.7 17.0 139 464 348 456 679 | 223
Heavy 005 052 7.12 559 531 524 225| 154
Simple 10.7 12.8 393 453 547 51.6 743 | 19.6
Complex 11.8 852 333 42.1 46.1 482 71.6| 234
Body 123 412 214 347 234 304 620 273
Hybrid 0.17 063 7.64 758 6.00 648 24.2| 16.6
All 16.1 19.6 41.6 509 60.0 60.8 76.4| 15.6

26



75l ElES R
mIE SIS IR E R,

[E— A THL% IMEFK

*’KH. AY P

AERIA, HIGESE, BFRAEES

2020-12-3

»

R B EREE

§$5/¢

BURBSTER, BR

EEHZEER, B8

|ﬂ_-|

713

MBFE
“UUmEE 2"

B7m=E
“EFEE”

27



151 %ﬁ?ﬁ%i’%
n ETH 71 R
nE T4/ (;Fiﬁd”\

Masked Faces
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Missing Pixel Corrupted
Information Identity Cues

IR

Face Knowledge

Completion Distillation

Realistic Faces

Completed Faces

incomplete visual contents  plausible visual contents  plausible visual contents

inaccurate identity cues inaccurate identity cues accurate identity cues

Look Through Masks: Towards Masked Face Recognition with De-Occlusion Distillation. In: ACM MM 2020
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95.44% accuracy on synthetic masked
faces in LFW evaluation datasets
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state-of-the-art performance on realistic
masked faces in AR Database

Table 1: Rank-1 recognition accuracy on AR Database by several exigting\recognizers.

AR1:Recognition of faces with glasses (%) ARE:RE}ﬁgnitiDn of factxwith scarfs (%)
Occ. RPCA[52] GL[10] GFC[26] GA[56] | Occ. RPCA[52] GL([10] GFC[26] GA [56]
PCA [50] 614 64.2 70.0 82.9 88.6 40.8 /2.6 78.3
GPCA [24] 73.3 71.6 76.6 88.4 92.7 60.9 3 87.2
LPP [15] 45.7 61.4 39.0 83.5 90.0 47.1 y i h 80.1
SR [53] 9.2 573 60.6 85.7 90.3 26.7 79.8 86.4
VGGFace [40] 85.4 84.5 87.9 91.7 95.9 83.5 89.9 02.2
VGGFace2 [5]  88.3 86.7 89.0 94.2 97.0 85.7 93.1 933
SphereFace [29] 87.5 87.2 89.0 93.7 9?.5/ 83.9 92.8 93.1
ArcFace [9] 85.5 85.2 87.6 92.3 9 82.6 90.2 9
OUR - 921 93.3 97.2 98.0 86.8 93.3 941
| —

Look Through Masks: Towards Masked Face Recognition with De-Occlusion Distillation. In: ACM MM 2020
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B UCCSEIELE: https://vast.uccs.edu/Opensetface/

The UnConstrained College
Students (UCCS) Dataset was
collected over several months
using Canon 7D camera fitted
with Sigma 800mm F5.6 EX
APO DG HSM lens, taking
images at one frame per
second, during times when
many students were walking
on the sidewalk. We have
labeled in total 1732
identities. Each labeled
sequence contains around 10
images.
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ELVLRR (CVPR2016) H2F8. 22% CPU_I- Ab ¥ 13 FF L M4 1015

[VLRR] Zhangyang Wang, Shiyu Chang, Yingzhen Y ang, Ding Liu, and Thomas S. Huang.Studying very low
resolution recognition using deep networks, In IEEE CVPR 2016

Low-Resolution Face Recognition in the Wild via Selective Knowledge Distillation. TIP, 2019
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