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SCIG4EE (VIPeR, PRID450S, CUHKO1, SYSU)
dataset VIPeR PRID450S8 CUHKO1 SYSU
rank 1 5 10 20 1 5 10 20 1 5 10 20 1 5 10 20
KCVDCA (4329 |72.66 |83.51| 92.18 |[57.60 |82.67 |89.24 | 93.20 | 47.80 | 74.16 | 83.44 | 89.92 |[40.84 [71.35| 82.19 | 90.56
CVDCA (3972|6858 |80.80| 89.78 [49.47 [ 74.36 | 83.96 | 90.62 | 34.14 |60.95 | 71.52 | 81.05 | 3408 |63.43| 75.58 | 86.10
KLFDA [28] |34.27 | 65.82[79.94| 90.92 [52.84[79.51 |87.20| 92.80 | 26.62|50.63 | 62.28 | 73.50 |28.69|58.21| 70.96 | 82.39
LFDA [9] |[27.03|60.28[73.90] 85.70 [42.09]70.93 [80.18| 88.18 [ 15.22[35.80| 47.37 | 59.52 |26.22|55.62| 68.80 | 80.32
rKPCCA [6] |22.28 |55.47 | 72.41| 86.04 |31.82|62.40 | 76.00| 85.73 | 16.68 |41.00 | 54.11 | 67.73 | 22.31 |52.99]| 68.13 | 83.67
KISSME [17] | 24.21 [53.10|68.99| 82.97 [3849[67.20 | 78.09 | 86.80 | 13.53 |31.99| 42.89 | 55.56 | 16.85 | 39.84 | 54.66 | 68.96
RDC [8] |[17.754234[55.73| 71.77 |36.80 |64.00 | 73.78 [ 83.56 | 6.56 | 17.68 | 26.69 | 39.16 | 7.21 |21.16| 30.68 | 4446
CMML [45] [18.77[51.17|66.77 | 82.31 [28.2758.71 |72.40| 85.60 |11.45[29.72 | 40.98 | 56.03 | 10.36 | 28.20 | 44.62 | 64.14
ICCA [54] |22.94(51.23|67.44 82.09 [25.24 (52.31 |66.13| 78.62 |14.9032.59 | 43.77 | 55.53 | 14.58 | 34.14 | 46.37 | 59.96
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dataset CAVIARAREID RAID(1-3) RAID( [-4) RAID(3-d)
rank I 5 10 20 I 3 10 20 I L1 0 0 I 5 10 20
KCVDCA [47.20 [85.60 | 95.20 | 98.40 | 61.64 | 91.69 | 98.50 | 100.00 | 76.69 | 99.50 | 99.50 | 100.00 | 81.63 | 98.45 | 100.00 | 100.00
CVDCA [31.20 (6920 86.80 | 98.00 |48.50 | 8633|9657 | 100.00 |60.36 |95.12| 99.00 | 100.00| 75.05 [97.45 | 99.47 | 100.00
KLFDA [28] | 38.80 | 85.60 | 9440 | 99.20 |29.02 | 70.36 | 87.83 | 10000 | 3821 | 79.21 | 94.64 | 100.00 | 79.58 | 96.45 | 99.00 | 100.00
LFDA [9] [30.00|67.60 | 85.20 | 98.40 | 2540 |62.57 | 86.29 | 990.02 |31.38 |69.62 | 86.81 | 100.00 | 81.37 [98.00 | 99.50 | 100.00
rKPCCA [6] | 30.77 | 73.08 | 80.77 | LOD.D0 [40.57 | 79.00 | 94.62 | 99.02 |61.24[94.07| 9952 | 100.00 | 72.37 | 98.00 | 100.00 | 100.00
KISSME [17] | 30.77 | 70.00 | 9038 | 100.00 | 39.02 | 76.60 | 93.71 | 100.00 | 6333 | 95.64 | 100.00 | 100.00 | 79.29 | 97.50 | 99.50 | 100.00
RDC [8] | 8.00 |3040[53.76| 84.64 | 5.00 |21.00 [47.00 [ 10000 | 9.52 |38.10| 58.10 | 96.83 |55.00 | 87.00 | 95.00 | 100.00
CMML [45] | 8.00 | 27.00 | 43.55| 82.74 | 10.00 | 25.00 | 55.00 | 96.67 | 4.76 | 24.76| 4952 | 09524 | 5.00 | 27.00| 60.00 | 100.00
TCCA [54] |27.20 |68.00 |85.60| 98.00 |40.76 | 77.62 | 93.60 | 100.00 | 4250 | 84.00 | 96.14 | 100.00 | 4495 |91.34| 97.97 | 100.00

L1 1731 |43.85|66.15| 8692 | 6.76 |27.07|56.71 | 95.62 | B.21 |37.21 | 60.33 | 98.05 |48.05 [ 85.76 | B9.84 | 100.00
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Representation Mirror Representation Original Feature Fero-Padding

Rank 1 5 10 20 1 5 10 20 1 5 1o 20
KMFA( R 2 ) 41.97 75.82 87.28 94.54 31.37 71.23 B4.72 | 9345 33.67 | 67.66 | 823l 91.37
o KMFA(x") 39.62 713 | 34.18 93.23 3557 | 67.34 Bl.14 | 91.74 3028 | 6354 | 7788 8O.15
o KPCCAR, 2) II88 6791 8103 9177 2005 | 6294 | 1826 8.6 a4 | 5244 | 67357 19.40
- KPCCA(x") 29.37 6d.11 78.96 90.63 25.63 59.78 16.27 87.78 1877 | 51.17 | 66.77 82.31
MEFA 23,45 6310 | 75.60 | 86.55 76 | 3943 13.61 85.41 2187 | 3206 | 6658 al.sv
PCCA 2156 | 00.57 15,60 L 2547 | 3696 | T1.08 83.25 II5Y [ 5560 | 7130 | 86.36
KMFA(R, 2) 40.40 | 6463 75.34 84.08 3498 | 60.16 71.27 81.50 | 3353 | 59.00 | 70.20 | 80.24
= KMFA({x*) 1. 61.11 71.36 81.25 3234 | 56.14 | 6752 | 71.73 3135 | 56.71 67.56 | 78.18
:'é' KPCCA(R, =) 29.57 56.53 69.21 79.40 2530 | 5240 | 646l 716.76 1784 | 41.53 | 53.95 67.83
5 KPCCA(x~) 2669 | 5440 | 66.88 | T77.87 2279 | 4865 | 62.10 | 74.06 1784 | 41.53 | 53.95 67.83
MFA 2547 | 48.38 58.86 69.19 20.71 41.51 5242 | 63.21 14.13 33.12 | 43.10 | 5407
PCCA 19.74 | 409 | 52.44 65.00 16.79 38.13 | 4929 | 61.35 3.89 9.02 12.32 16.28
KMFA( R 2 ) 55.42 79.29 | §7.32 93.87 52.76 77.56 84.71 91.56 | 46.18 | T4.13 | 8431 92.40
E KMFA(x*) 33.42 7729 | 85.82 91.51 51.02 75.29 B2.80 | 8947 | 4182 | 71.29 | E1.8B2 90.04
= HP{T{TA[HXE} 41.51 71.51 81.42 91.24 4000 | 6876 7973 | 9013 3360 | 6578 | 7RIS B5.00
o KPCCA(x") 39.82 68.31 80.22 89.82 3760 | 66.18 78.49 83.62 28.27 | 58.71 72.40 | 85.60
4 MFA 4058 | 7756 | 61.47 8658 3822 | 634l 1387 83.64 | 2116 | 50.00 | 62.9% 7684
PCCA 3540 | o840 | 7951 8831 3676 | 6060 | 76.22 8516 3280 | 6462 | 7698 8738
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KMFA Xiong et al. ECCV 2014
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MLF Zhao et al. CVPR 2014
LFDA Pedagadi et al. CVPR 2013
LADF Li et al. CVPR 2013
RDC Zheng et al. PAMI 2013
eSDC Zhao et al. CVPR 2013
SalMatch Zhao et al. | CCV 2013
GeMetric Li et al. ACCV 2012
PCCA Mignon et al. CVPR 2012
TCA Pan et al. TNN 2011
TLFDA Si et al. TKDE 2010
LMNN Weinberger et al. JMLR 2009
| TML Davis et al. | CML 2007

B 67



ETHRIFRTEITABIRA

BT SERTTE:
> IRETIEGRT, ARRAEEBEGLZEITASFERNA
— R T Y B

> AR THRGRRUUBTARNFZESEEF IEEAF
, FEHENRBIEEFIINFRSEIRKXAES.

Ying-Cong Chen, Wei-Shi Zheng, and Jian-Huang Lai, Mirror Representation
for Modeling View-specific Transform in Person Re-identification , IJCAI,
2015.

P 68



=

1T ABIR AR 753K

& THRIER
E T T AFERENGIA
ETREAFMEKERIEF IRITABRR
ETAEREF ST ABRR

ET a5 LECHT ABARR
ETREEENIT ABFRR

NI mPETERFORBNITABIRA

vV V.V Vv VvV Vv 1R

P 49



T, Reekeil
BB ik

o ER—MAT Rae2&s ik
o Hix: E—MATHHDHESR—MNATHENFERILE

D70



ET a7 RETABIRA
RGHER:

\

ol [
s
O I

] | | |

GadEELA o

PNCERRRRART

RS Rl UL A

o

R xf 4= LT

JadRxs RIBRULAC: Ses B Fr o0 /hB, X 2 AN T ULAC
FitRxf & F/ULE: £ 4 5 ER B B gk AT w i R
BE: R LR MR R A & RS B B4R

D71



ET AR LECRII T ABARIR
= BB ETHRRTMOE S %S

Xt NER A 1 L
D =[Di,Ds,---,

min|fy; |- DXt”zs

|

min||y; — Dxi”g H alja?xi,i = Y, s g LIBIZX@U&
X4

.

min|y; — Dx; |5 + apa; x; 4 Blxilly,li=1,-+ ,n, Lﬁﬁﬁé’ﬂ

i — - -

TR ERRIRAEN: ¥ = [y1, - .yl

¢ = arg mln re(Y) = Z ly: — Dcéc(xa)llg
D 72



ETE8 5 CECRYIT ABHRIR
SER £ FHAYITHL -

= EEIE O
o M BEIGIHITEE LA
o AL EEEEANEEEGRSBEGIES

LYy

o EEm EE - - O oy,

————————

D73



)

Matching Rate

100

a0

&0

i

60

50

40

30

E T RENITABRA

= SEIOEER

Partlal-REID

Malching Rate {35)

Parlial-REID

= 53, 14% AMC-SWH — G2.43% AMC-SWM
— A2 0% MTSR — 50.29% MTSR
— 6. 76% RDC 50 — 28.81% RDC
— 27.00% PRSVM = 29.10% PR3VM
= 24.14% L1-norm Al — 27.29% L1-norm
24.62% LFDA 28.05% LFDA
= = = 24.05% KISSME a0 = = = 27.90% KISSME
= = = 26.38% LADF == =20.67% LADF
. . 24.90% SRC ; : 29,29% 5RC
1 5 10 15 20 25 30 2”‘] i0 18 20 25
Rank Score Rank Score
(a) N=1,CMC (b) N=2,CMC

30

Matching Rate {3%)

Partial-REID

— T3.62% AMC-SWM

— 50.19% MTSR

— 33.78% RDC

— 12 £2% PRSVM

= 32.95% L1-norm
31.05% LFDA

= = = 30.48% KISSME

= = =33 86% LADF
: : 34.71% SAC
1 5 10 16 20 25 an
Rank Score
(c) N=5,CMC

D 74



ET a7 RETABIRA

LFDA Pedagadi et al. CVPR 2013
LADF Li et al. CVPR 2013
RDC Zheng et al. PAMI 2013
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RGBD-ID_EHYSEISZER . oMC (EFRHFIR)

Table 1. RGBD-ID dataset: Rank-1 and Rank-5 accuracy.

Cumulative Matching Characteristic

Matching Rate (%)

100 : g Setting One-shot Multi-shot
QOL g i r Method Rank-1 |Rank-5|Rank-1 |Rank-5
= LOMO+XQDA[16.10%[44.31%|18.00% |47.74%
80l f.. Color Hist  |47.90%|74.97%|48.92%|74.82%
4 —=— L OMO+XQDA HOG 45.03%73.49%]45.33%|73.95%
70l L. | = = = Color Hist LBP 42.92%71.33%|45.64%|72.36%
_ / ey RIFT2M 7.13% |22.77%| 8.77% |27.69%
6ol /.p /| Fehretal. Fehr’s 24.26%|51.64%|30.56%|58.67%
' = RIFT2M Skeleton 33.13%|67.85%|37.33%|71.13%
50 | e ED 14.67%]72.10%|51.59%| 76.15%
20 : : ED+SKL ED+SKL 55.95%(84.77%|61.23%87.64%

10 20 30 40

Rank score
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BIWI RGBD-ID_ERSCIEZEER

Cumulative Matching Characteristic

Matching Rate (%)

Matching Rate (%)

100
Table 2. BIWI RGBD-ID *Still” and “Walking™: Rank-1 and
'---gggrmst Rank-5 accuracy.
| ——LBP | Probe Stull Walking
A Setting One-shot Multi-shot One-shot Multi-shot
fggﬂﬁﬂ& Method |Rank-1|Rank-5|Rank-1|Rank-5|Rank-1|Rank-5|Rank-1|Rank-5
N | | o ED+SKL Color Hist] 7.02% |25.47%|10.61%|31.92%| 5.43% |19.56% | 5.86% |21.70%
5 10 15 20 25 30 HOG 8.42% |25.69%]12.35%(30.39%| 6.38% [21.00%| 6.94% |23.29%
Rank score LBP 7.37% |26.04%|10.87%|33.57%| 4.87% |20.04%| 5.34% [23.31%
(b) BIWI “Still” (one-shot) RIFT2M | 4.04% [19.52% | 4.34% [20.78%| 3.25% |17.46%]| 3.75% [18.31%
100 Cumulative Matching Chamteﬂtfc Fehr's 12.08% |38.17%|14.06% |43.78%| 9.33% [32.39%12.09% |39.60%
: : : 4 Skeleton [21.33%(53.32%(26.55%(62.73%| 14.52%|42.36%| 16.94% |47 18%
ED 28.98%[61.85%]36.22%[73.11%([20.90%]51.98% | 28.71%|63.85%
ED+SKL [30.52%67.86%(39.38%|72.13%(24.47 %|60.63%/29.96 % |65.18 %
= = = Color Hist
1=im i HOG
——LBP
s Fehr et al.
m— RIFTZM
K = ED
: ; : = ED+SKL
0 5 10 15 20 25 30

Rank score
(c) BIWI “Walking™ (one-shot)
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Eigen—depth
LBP

Color

HOG

RIF2M

Fehr et al.
/hang et al.

Farenzena et al.

Oreifej et al.
Skelly et al.
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| CRA
IC1G
CVPR
CVPR
Optics East

2012
2011
2010
2010
2007
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Ancong Wu, Wei-Shi Zheng, and Jian-Huang Lai. “Depth-based Person
Re-1dentification”. Asian Conference on Pattern Recognition, 2015.
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Recognition Percentage (%)

Sim(1;, I;) = ZWk - Sim(F; (L), Fj(Lk))
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P 89



IsLinmPETERBDIEBHITA

n NTRERES®, EZRXETESEMEENIERL, L%
KFBBEEARAXEE, KETEBMEERER, _ME
i, EfFEnt, SEZHICMCE 5.

CMC (502 persons)

100 T T T T

e \Without Ambiguity (HSV=16bins)

= \Without Ambiguity (HSYCbCr-16bins)

= Without Ambiguity (RGB-16bins) 1
Without Ambiguity (RGBHSYCbCr-16bins)

m— Without Ambiguity (¥ CbCr-16bins)

== \With Ambiguity (HSV-16bins)

== With Ambiguity (HSYCbCr-16bins)

= = With Ambiguity (RGB-16bins) 1
With Ambiguity (RGBHSYCbCr-16bins)

= = \With Ambiguity (YCbCr-16bins)

Recognition Percentage (%)

0 50 100 150 200 250
Rank Score

P 90



ML RPETERSHEFNITABRA

= BUFTMERNZF AR STRR
- RET—MERBHRENSE, BNETRSNSG
BRI R PRSI
- R —FEIHT AN S BREHHR T .

Chun-Chao Guo, Shi-Zhe Chen, Jian-Huang Lai, Xiao-Jun Hu, and Shi-
Chang Shi, Multi-shot Person Re-identification with Automatic
Ambiguity Inference and Removal, ICPR (Oral), 2014,
014FZEMREEETWH AT —FR ( “BREV BIrRER”
HERE—) .
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o 1N 5IH:
Chun-Chao Guo, Shi-Zhe Chen, Jian-Huang Lai, Xiao-Jun Hu, and Shi-
Chang Shi, Multi-shot Person Re-identification with Automatic Ambiguity
Inference and Removal, International Conference on Pattern

Recognition(ICPR), 2014. (Oral)
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