
|
 

 

                                                                         9 CCFCV

[1]

 

(Image Quality Assessment IQA)

(Full Reference IQA FR-IQA)

(Reduced Reference IQA RR-IQA)

(No Reference IQA NR-IQA) FR-IQA RR-

IQA

FR-IQA RR-IQA NR-IQA

 

NR-IQA

, 1 NR-IQA

NR-IQA

( )

( )

 

 

2.1. NR-IQA  

NR-IQA

NR-IQA

NR-IQA

 

NR-IQA

(Support Vector Machine SVM)

(Random Forest RF)

Mittal
[2] (Natural 

    

 

 

 

       

1   



|
 

 

                                                                         10 CCFCV

Scene Statistics NSS) IQA
[2] Fang [3]

NR-IQA

Mittal [2]

, Wu [4]

NR-IQA  

NR-IQA

(Convolutional 

Neural Network CNN)
[5,6]

[7] NR-IQA

Ma [8] NR-IQA

IQA NR-

IQA

 

2.2. NR-IQA  

NR-IQA

NR-IQA

NR-IQA

 

NR-IQA

NR-IQA

NR-IQA Ma [9]

NR-IQA

IQA

IQA

IQA

IQA

 

NR-IQA

NR-IQA

FR-IQA

NR-

IQA

FR-IQA

 

2.3.  

LIVE(Laboratory for Image and Video Engineering)
[10] TID2013(Tampere Image Database 

2013) [11]

LIVE 

Challenge [12] KonIQ-10k(Konstanz 

Authentic Image Quality Database) [13]  

 

IQA

/

 

  



|
 

 

                                                                         11 CCFCV

 

 

 

   

 

 

 

E-mail: leo.fangyuming@foxmail.com 

 

[1] Fang Y M, Zhu H W, Zeng Y, Ma K D and Wang Z. 2020. Perceptual quality assessment of smartphone 

photography//Proceedings of 2020 IEEE/CVF Conference on Computer Vision and Pattern Recognition. Seattle, WA, USA: 

IEEE: 3677-3686 [DOI: 10.1109/CVPR42600.2020.00373]

[2] Mittal A, Moorthy A K and Bovik A C. 2012. No-reference image quality assessment in the spatial domain. IEEE 

Transactions on Image Processing, 21(12): 4695-4708 [DOI: 10.1109/TIP.2012.2214050]

[3] Fang Y M, Ma K D, Wang Z, Lin W S, Fang Z J and Zhai G T. 2015. No-reference quality assessment of contrast-distorted 

images based on natural scene statistics. IEEE Signal Processing Letters, 22(7): 838-842 [DOI: 10.1109/LSP.2014.2372333]

[4] Wu J J, Zhang M, Li L D, Dong W S, Shi G M and Lin W S. 2019. No-reference image quality assessment with visual 

pattern degradation. Information Sciences, 504: 487-500 [DOI: 10.1016/j.ins.2019.07.061]

[5] Kang L, Ye P, Li Y and Doermann D. 2014. Convolutional neural networks for no-reference image quality 

assessment//Proceedings of 2014 IEEE Conference on Computer Vision and Pattern Recognition. Columbus, OH, USA: 

IEEE: 1733-1740 [DOI: 10.1109/CVPR.2014.224]

[6] Kim J, Nguyen A D and Lee S. 2019. Deep CNN-based blind image quality predictor. IEEE Transactions on Neural 

Networks and Learning Systems, 30(1): 11-24 [DOI: 10.1109/TNNLS.2018.2829819]

[7] Pan D, Shi P, Hou M, Ying Z F, Fu S Z and Zhang Y. 2018. Blind predicting similar quality map for image quality 

assessment//Proceedings of 2018 IEEE/CVF Conference on Computer Vision and Pattern Recognition. Salt Lake City, UT, 

USA: IEEE: 6373-6382 [DOI: 10.1109/CVPR.2018.00667]

[8] Ma K D, Liu W T, Zhang K, Duanmu Z F, Wang Z and Zuo W M. 2018. End-to-end blind image quality assessment using 

deep neural networks. IEEE Transactions on Image Processing, 27(3): 1202-1213 [DOI: 10.1109/TIP.2017.2774045]

[9] Ma K D, Liu X L, Fang Y M and Simoncelli E P. 2019. Blind image quality assessment by learning from multiple 

annotators//Proceedings of 2019 IEEE International Conference on Image Processing. Taipei, China: IEEE: 2344-2348 

[DOI: 10.1109/ICIP.2019.8803390]

[10] Sheikh H R, Wang Z, Cormack L and Bovik A C. 2006. LIVE image quality assessment database release 2[DB/OL]. [2020-

07-08]. https://live.ece.utexas.edu/research/quality/

[11] Ponomarenko N, Jin L N, Ieremeiev O, Lukin V, Egiazarian K, Astola J, Vozel B, Chehdi K, Carli M, Battisti F and Jay Kuo 

C C. 2015. Image database TID2013: peculiarities, results and perspectives. Signal Processing: Image Communication, 30: 

57-77 [DOI: 10.1016/j.image.2014.10.009]

[12] Ghadiyaram D and Bovik A C. 2016. Massive online crowdsourced study of subjective and objective picture quality. IEEE 

Transactions on Image Processing, 25(1): 372-387 [DOI: 10.1109/TIP.2015.2500021]

[13] Hosu V, Lin H H, Sziranyi T and Saupe D. 2020. KonIQ-10k: an ecologically valid database for deep learning of blind 

image quality assessment. IEEE Transactions on Image Processing, 29: 4041-4056 [DOI: 10.1109/TIP.2020.2967829]



|
  

 

 

                                                                         12 CCFCV

(<500ms)

CAS(ME)2

 

(LTP)

1

LTP

(S- ) 2 LTP

( ) ( )

S-

Hammerstein (HM)

HM S-

S-

 

(CNN) MESNet

CNN 

2+1D- 3

(Clip Proposal 

Network CPN) (CRNet) CPN

    

 

 

 

     

1  

 

2  LTP  



|
  

 

 

                                                                         13 CCFCV

2+1D-

4

CRNet

5 MESNet

 

IEEE Transactions on 

Affective Computing(TAC) IEEE Transactions on 

Image Processing(TIP)  

   

4  Clip Proposal Network CPN  

3  2+1D-  

 

[1] Li, Jingting, Catherine Soladie, and Renaud Seguier. "Local Temporal Pattern and Data Augmentation for Micro-Expression 

Spotting." IEEE Transactions on Affective Computing (2020).

[2] Wang, Su-Jing, He, Ying, Li, Jingting and Fu, Xiaolan. “MESNet : A Convolutional Neural Network for Spotting Multi-Scale 

Micro-Expression Intervals in Long Videos.” IEEE Transactions on Image Processing (2021).

   Email: lijt@psych.ac.cn 

   

 

 

TIP TNN ECCV 2018

 

Email: wangsujing@psych.ac.cn

5  CRNet  



|
 

 

          

 
CCFCV  14   

ECCV 2020

 

(ANN)

1

ExchNet

(1)

(2)

(3)

2  

3

(part) ( 3 )

 

ANN FOOD101

512 1024

233 395

    

 

 

 

    

 1   

 2  ExchNet  



|
 

 

          

 
CCFCV  15   

2

8

(mean Average Precision, MAP)

 

   

 

[1] Q. Cui, Q.-Y. Jiang, X.-S. Wei*, W.-J. Li, and O. Yoshie. ExchNet: A Unified Hashing Network for Large-Scale Fine-Grained 

Image Retrieval. European Conference on Computer Vision, Virtual Conference, 2020, pp. 189-205. (Oral Presentation).

[2] X.-S. Wei, J.-H. Luo, J. Wu, and Z.-H. Zhou. Selective Convolutional Descriptor Aggregation for Fine-Grained Image Retrieval. 

IEEE Transactions on Image Processing, 2017, 26(6): 2868-2881. (ESI , Google Scholar Citations: 217).

2  (MAP)  

 

 

 

Email: weixs@njust.edu.cn 

   

 

Email: shenyang 98@njust.edu.cn 

3   

1  ExchNet ANN Food101  



|
A A A I 2 0 2 1

 

          

 
CCFCV  16   

(Association for the 

Advancement of Artificial Intelligence, AAAI) (

(American Association for 

Artificial Intelligence AAAI)) (AI)

AAAI

(AAAI-21) 2021 2 2-9

( )

Kevin Leyton-Brown

Mausam

AAAI A

2020 96  

AAAI 2021  

AAAI AI

AAAI-20 AAAI-21

 

AAAI-21 track track

AI AI

AI track

track

track

 

AAAI-21

NeurIPS EMNLP

4.9(NeurIPS-20)

2.8(EMNLP-20 )

AAAI

 

 

AAAI-21 9034

8800 7911

1692 21.4% 20.6%  

AAAI-21

3319 627

12 5

54 24 21 11

 

AAAI-21 (

)

 

(human-in-the-loop AI)

AI  

    

 

 

AAAI 2021 

  



|
A A A I 2 0 2 1

 

          

 
CCFCV  17   

AAAI-21 8  

8  

What Can and Should Humans Contribute 

to Superhuman AIs? 

Tuomas Sandholm

( )

Sandholm

 

Recent Advances in Language Model 

Pretraining. 

Luke 

Zettlemoyer

ELMo GPT

BART mBART MARGE

 

Opening the Black Box of Deep Learning (+ 

Takeaways for AI). 

Sanjeev Arora

 

Digital Learning Coming to Life. 2020

 

How AI and Technology Design will Dictate 

Our Civic Future. 

 

A Tale of Two Translations. 

Regina Barzilay

 

AI Infusion Investment Outlook. 

 

Talking to the Public about AI. 

Michael Wooldridge 

 

 

AAAI-21

 

track  



|
A A A I 2 0 2 1

 

          

 
CCFCV  18   

Informer: Beyond Efficient Transformer for 

Long Sequence Time-Series Forecasting. 

(LSTF)

Transformer

LSTF

-

LSTF Informer 4

Informer

LSTF

 

Exploration-Exploitation in Multi-Agent 

Learning: Catastrophe Theory Meets Game 

Theory. (MAL)

Q

—— (QRE)

 

track  

Mitigating Political Bias in Language 

Models through Reinforced Calibration. 

GPT-2

( )

 

 

AAAI-21 26

AI AI

AI

AI

(PAIR 2021)

AI  

 

AAAI-21

AAAI-21

AI

 

  

 

   

 

 

 

Email: wjj@ysu.edu.cn 


