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TI-AIDL [36] CVPR'IT | adaptation = 26.5 582 | 230 443 - - - - |
BUC[23] AAATTY cluster 383 662 | 275 474 - - - - ‘

- 57 /o N Y CAMEL[43] | ICCV'17 | cluster | 263 545 | - ) - 4
i% 1 %:‘F‘ 'fg{%%%%’fTAﬁTE%UﬁYiXﬂ‘ I:[: PUL 5] ToMM'I8 | clusier | 201 447 | 164 304 - -
DS [16] ICME'19 | clusier | 399 716 | 427 672 - - - -
. TAUDL[17] | ECCV'IS | wcklet 412 637 | 435 617 | 312 447 | 125 284
| Datasets Reference PRID20T1 ILIDS-VID MARS ‘ UTAL[18] | TPAMI'19 | wacklet | 462 692 | 446 623 | 423 563 | 131 314
Metric(%) RIL RS K20 | Rl RS R20[ Rl RS R0 mAP ECN [50] CVPR'19 | adaptation = 430 75.1 | 404 633 . . 102 302
SMP [24] ICCV'IT | 800 056 994 | 417 663 807 | 239 358 449 105 - — S - -
DOMAMLAPG[41] | 106V 17 | 735 o926 990 | 71 o3 820 | 246 426 $12 115 UGA(ours) | Thiswork | tracklet | 703 872 | 533 750 | 682 365 | 217 495
DGM+IDE [41] ICCV'17 | 564 813 964 | 362 628 827 | 368 540 685 213 1-st and 2-nu best results are in red/blue respectively.
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I-st and 2-nd best results are in red/blue respectively.
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Input video:

Our output: A cat is playing with a toy.

Humans: A Ferret and cat fighting with each other. / A cat and
a ferret are playing. / A kitten is playing with a ferret. / A kitten
and a ferret are playfully wrestling.
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1. MSR-VTT 4L

25

B ZEREA S 20 28, 3£ 10000 MR
B, A RNgR, WAEFIINREE =864y, A
RS B L2 20 2k 96 SCH)FFRidE B Az AR A
FES LIS

FE W : http://ms-multimedia-challenge.com/2017/challe-

nge
2. MSVD dataset B4

A ZEAEEAE 1970 B YouTube 47
Fr B (HRAE 10-265 28], BFBAIIARE 1K
W 40 25 9E3CH) T
iﬁ: https://www.microsoft.com/en-us/download/de-
tails.aspx?id=52422

3. Charades HIE4
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JEoN 30 Ao HrrERALIRAR th 2 AN SO IE |
AEARZE . B R BE A1 AE B R SR AT TR
B, BEERRAE 27847 MR, 157 A3
YEZEH 41104 PMREE, 46 X REK.
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iﬁ: https://vatex.org/main/index.html
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PRI ) 56 BEVE R R 7 ARAR R ORNE 94. 6% N2
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ER:
/densevid

6. ActivityNet Entities ZIE4E

B B SR T ActivityNet
Captions F#EAEM LM, FEULILAE B3N T
15. 8 FIANUMERRE , FF H AR FAEH A X BT
EALI AT

https://cs.stanford.edu/people/ranjaykrishna

K 2 BRI

Hudk - https://github.com/facebookresearch/ActivityNet-

Entities

7. MPII-MD H#E4&E

AR ZHEREOTE 94 s B e
Fr B 68375 26 AHNT N 1A

FE W : https://www.mpi-inf.mpg.de/departments/compu-

ter-vision-and-multimodal-computing/research/vision-and

-language/mpii-movie-description-dataset

8. M-VAD &
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TR T N7, RS O S AR
B
ik
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https://github.com/aimagelab/mvad-names-dat-
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9. Sequence to Sequence -Video to Text

#3C: Venugopalan S, Rohrbach M, Donahue J, et al.
Sequence to sequence-video to text[C]. IEEE International
Conference on Computer Vision, 2015: 4534-4542.
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CHNN - Object  gutputs
pretraine: ]
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K 3 S2VT AR = K

W https://www.cv-foundation.org/openaccess/cont-

ent iccv 2015/papers/Venugopalan Sequence to Sequ-
ence ICCV 2015 paper.pdf
ﬁ’ﬁ%: https://github.com/Rangozhang/VideoCaption

10. Describing Videos by

Temporal Structure

Exploiting

#3: Yao L, Torabi A, Cho K, et al. Describing videos by
exploiting temporal structure[C]. IEEE International Conference
on Computer Vision, 2015: 4507-4515.
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W3 https://www.cv-foundation.org/openaccess/conte-

nt iccv 2015/papers/Yao Describing Videos by ICCV
2015 paper.pdf
'f‘h@ https://github.com/yaoli/arctic-capgen-vid

11. Reinforced video
entailment rewards

captioning with

# 3 . Pasunuru, Ramakanth,Bansal. Reinforced video
captioning with entailment rewards[J]. Conference on Empirical
Methods in Natural Language Processing, 2017:979-985.
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W https://www.aclweb.org/anthology/D17-1103
ﬁ’ﬁ%: https://github.com/ramakanth-pasunuru/video

captioning_rl

12. Consensus—-based Sequence Training for
Video Captioning

#3: Phan S, Henter G E, Miyao Y, et al. Consensus-
based sequence training for video captioning[J]. arXiv preprint
arXiv:1712.09532, 2017.
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W https://arxiv.org/abs/1712.09532
ﬁ’ﬁ%: https://github.com/mynlp/cst _captioning

13. Grounded Video Description

#3: Zhou L, Kalantidis Y, Chen X, et al. Grounded video
description[C]. IEEE Conference on Computer Vision and
Pattern Recognition, 2019: 6578-6587.
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K] 8 Video Description A ~E K

%)‘C http://openaccess.thecvf.com/content  CVPR
2019/papers/Zhou Grounded Video Description CVPR

2019 paper.pdf
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https://github.com/facebookresearch/grounded-

14. Dense—Captioning Events in Videos

#3X: Krishna R, Hata K, Ren F, et al. Dense-captioning
events in videos[C]. IEEE International Conference on
Computer Vision, 2017: 706-715.
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WB\C http://openaccess.thecvf.com/content ICCV 2017/

papers/Krishna Dense Captioning Events in ICCV 2017

paper.pdf
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15. Bidirectional Attentive Fusion with
Context Gating for Dense Video Captioning

#3: Wang J, Jiang W, Ma L, et al. Bidirectional attentive
fusion with context gating for dense video captioning[C]. IEEE
Conference on Computer Vision and Pattern Recognition, 2018:
7190-7198.
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16. End-to—End Dense Video Captioning with
Masked Transformer

#3C: Zhou L, Zhou Y, Corso J J, et al. End-to-end dense
video captioning with masked transformer[C]. IEEE Conference
on Computer Vision and Pattern Recognition, 2018: 8739-8748.
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er.pdf
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17. Weakly Supervised Dense Video Caption—
ing

#3: Shen Z, Li J, Su Z, et al. Weakly supervised dense
video captioning[C]. IEEE Conference on Computer Vision and
Pattern Recognition, 2017: 1916-1924.
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B i B 28 DL I BUG BRER « SR it =
DL SRRt T &

& BT AT MV AH O il 3E AT PEAL , FF4E H D
At P ARG T 2056 T7 T 1o
IR

2020 4 1 H-2020 4 8 HEMLI R A | 4
HfAR & LA B2z, TMABR;

T HLIE AR AT ML 5
HRRZ R EYERE T, DLLBR I IE
He ST BN B A ERG F 5

TR P AR S AR, 2 Axure.
Visio.Photoshop &5 R 841511 T B & 46k,
HHT RS AELIRATEA RS I a5k
Jeo

BB T A

BEWE S I http://campus.qunar.com
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1 SUAESC

THENLAR BT AT ¢ ] P A1 2 BRI A1
Wk 1 for. [FRF, Ar4kgoeiF: A2 01
workshop BY, special session.
2 HTAIAESC

TR b A0 3akar BAH 2 B T & 1) IR AIE S
N 2 7R, A4 Computer Vision and Image
Understanding 45T,
3 £WHA (ICAIT)

ICAIT 2020 (International Conference on

Advanced Computer Science and Information

Technology) ¥ T 2020 4£ 5 H 30 H& 5 H 31 H
TEMERIE BRI, W CEUERTE Y 2019 4F 9
H 21 H. HABFRN GRS BE AR
W 7R AN FH T T R A R R T — MR
U E PR B0 R . 2 BOIRE7E 3 A SE B U7 T
ST EAN TR GRS BE AR AT £ B AU E
HE K TTRR. 2 H BN AR SR TS
RN RN IR HE—AF &, DU 2R 5
TEAZATIR I vt R

(GUEHH: 25

F 1 T ENIRERHEXERIMRIY

ICAIT 2020 2020. 05. 30-31 RN
Vancouver
£
AI3D 2019 2019. 12. 09-11 % )
California
ISCMI 2019 2019. 11. 19-20 LR
Johannesburg
£
ACMLC 2019 2019. 12. 07-09 i
Hong Kong
BN
CIIS 2019 2019. 11. 23-25 e
Bangkok

2019. 09. 21 https://itcse2020.org/icait/index.html

9019. 09. 29 https://sites.google.com/view/ai3d2019/
home

2019. 09. 25 http://www.iscmi.us

2019. 09. 25 http://www.acmlc.org

2019. 09. 25 http://www.ciis.net

F 2 TR SHEXERSMNATIET

Computer Vision and Special Issue on
Image Understanding
Computer Vision and

Image Understanding

39

“Adversarial Deep Learning in
Biometrics & Forensics”

Special Issue on Deep Learning for Image

Restoration

2019. 10. 01

2019.12. 15


https://itcse2020.org/icait/index.html
https://sites.google.com/view/ai3d2019/home
https://sites.google.com/view/ai3d2019/home
http://www.iscmi.us/
http://www.acmlc.org/
http://www.ciis.net/

	1-2 封一封二
	3 目录
	4-13 专委动态
	CCF-CV走进高校系列报告会
	CCF-CV走进企业系列交流会
	PRCV2021征集承办单位
	PRCV2019博士生论坛报名
	PRCV2019诚邀申请成果展示
	PRCV2019开始注册

	14-20 科技前沿
	深度学习与模型优化研究介绍
	面向视频数据的对抗攻击研究
	行人再识别相关研究进展

	21-24 委员风采
	武汉大学夏桂松教授访谈
	委员好消息

	25-39 资源平台
	视频描述开源代码
	医学影像分割数据集
	招聘信息
	征文通知


